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Abstract: Internet of things (IoT) enables intelligent interaction and data sharing, facilitating connectivity among objects
and humans. It has been widely applied in smart homes, intelligent transportation, industrial automation, etc. Traditional
IoT development processes rely on manual hardware-software collaborative development, which involves a high technical
barrier. Low-code development technology significantly lowers this barrier by providing graphical interfaces and highly
abstracted programming application programming interfaces. Nevertheless, it still faces limitations in customization capa-
bilities. With the maturity of artificial intelligence (AI) and related technologies represented by large language models, an
emerging Al-native paradigm for IoT computing task generation characterized by leveraging Al models to provide high-
level semantic representations of IoT application development workflows is gaining traction and presenting novel opportu-
nities for IoT application development. Therefore, on the basis of reviewing the development of software development
technology for the IoT, an Al-native framework for generating computing tasks of IoT was proposed in this paper, which
was divided into two stages: intent understanding and task planning. Based on this, the key technologies and challenges
were systematically analyzed, a comprehensive review of the latest research was provided, and the future development di-
rections of Al-native computing task generation were finally looked forward to.
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Application SmartDoor {
Configuration {
ArduinoUno A(...);
RaspberryPi B(CREMA);

Implementation {
VSensor VoiceRecog( “..." ){
VoiceRecog.setlnput(...);

U E iR TR

2

2

#include <stdio.h> HIA
#include <string.h>
typedef struct {
char deviceName[50];
} ArduinoUno;

2

A

Nl
S

;I'é)id setupConfiguration() {
S it

:
void applyRule() {
int main(){ ﬁlH-', ?ﬁ“#
WA RE
B R AE T AT A A i R s =
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#11 (API, application program interface) % H I
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ConnectWiFi(); @

ReadDHT!11();
MQTTPublish();

¥ Wi-Fi
ffi FHDHT 112G AR

FEJHMQTT FA% AR

it S

}
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